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Abstract:  [Objective] The article mainly gives a brief review for big data theory and systems, including the
research background, the technical architecture and the key technologies following by estimating
future research directions. [Method] On the basis of the brief introduction of the big data processing
theory, this paper introduces the key technologies for big data systems by the three aspects: the
data parallel processing methods, the Resource Description Framework (RDF) graph data query
and matching, and the big data analysis technologies. [Results] The speed of data generation will
be accelerated further more in near future, thus how to quickly process the data on the edge side would
lead a research trend. [Conclusion] In future, we will continue to focus on the basic theory and
system technologies of big data. At the same time, we will also try to introduce some new research
directions, such as edge computing, fog computing, and big data processing in the Internet of Things.
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